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3 :Molecular- and tissue- level analysis about cancer and cancer-stroma.
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Various genetic abnormalities in cancer cells result in their cellular and architectural
abnormalities. In this study, we have developed a new deep learning algorithm to classify digital
histopathological images of cancer with various genetic abnormalities. The algorithm can take
pathological images with various magnifications as input. We have applied the algorithm to the task
of detection of BRAF V600E in thyroid cancer from immunohistochemistry. Our model achieved

higher accuracy compared to conventional single-resolution models.
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