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Algorithm I: Level-synchronized BFS
1 forall vertex v in parallel do

2 | pred[v]+ -1;

3 pred[r] 0

4 Enqueue(CQr)

5 While CQ != Empty do

6 | NQ+«— empty

7 | forall uin NQ in parallel do

8 | | u e Dequeue(CQ)

9 | | for each v adjacent to u in parallel do
10 | | | ifpred[v]=-1 then
1| | | | pred|v] «u;
12| | | | Enqueue(NQ, v}
13 | swap(CQ, NQ);
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