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In this project, we perform linguistic analysis to a large-scale Web corpus and use the resulting
analyses to acquire wide-coverage knowledge, such as semantic frames and causal knowledge between
events. The knowledge acquired can be used to improve linguistic analysis and further realize
cross-document statement linking, search and comparison. We accomplished these knowledge
acquisition processes quite rapidly using TSUBAME.
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.. The man shot he1
and she died. .

... The man shot her

and she died. ...
... Bob shot a rabbit.
Then it died. ...
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