(B 20) LR |HEZE

TSUBAME £ EIFIA Tk 29 FF #FA mRHEE

FIFRER AL SHEER) S REL B O MENL LHNGkA 7 T O EE
% : Establishment of Knowledge-Intensive Structural Natural Language Processing and
Construction of Knowledge Infrastructure

FRAREREE BB #HX

First name Surname Sadao Kurohashi

g RMBKRFE KERERFEHRH
Affiliation Graduate School of Informatics, Kyoto University
URL http://nlp.ist.i.kyoto-u.ac.jp/

FCPHER (300 FREEE)
AFHFRE T, Fnadl s 3D TEE T Ris B g i B RE LA FHL, ZIUS L Thix 727 S A ORRIKTEY)
IRBEEAHT, MR, A ATREL T DRI A L T TEMBA T DI LE HET D, T DT, KEUE Web =1—/<
(CRLUCE BT 2 L, Z ORI DIE R e 595, ZOMBMEG OB ARG R R
WET/2% 75, TSUBAME O KRB SIFH R G IRZF 22 Lic k- T, fd THMIR TER T TS
7.

FE 8% (100 words F2E)
In this project, we aim to establish robust and accurate knowledge-intensive structural NLP, and to
construct a knowledge infrastructure which can relate, retrieve and compare knowledge from various
texts. We perform linguistic analysis to a large-scale Web corpus and use the resulting analyses to
acquire wide-coverage knowledge. We accomplished several knowledge acquisition processes quite

rapidly using TSUBAME.
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