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Recently the, reconstruction of Computed Tomography by iterative methods were developed for reducing
patients dose level. The iterative methods characterized by low noise and low artifacts. But it takes much

reconstruction time.

On the other hand, the deep learning technique is achieved good results in the noise reduction, super
resolution and segmentation domains of image processing. The deep learning can create high accuracy model

easily. But it needs many labeled image for training.

We create reconstruction model by using natural images without medical images. As a result, we get low noise,

and low artifact reconstruction time model.
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