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This project developed a system to apply building mapping to broad areas by deep learning to
satellite 1images. The system was developed with TSUBAME's GPU clusters. In addition to the
regions covered by the previous year (Laos, Sri Lanka, Kenya, and Mozambique), We added Zambia
to the target areas for training data set and applied a UNet model with ResNet as the backbone. As
a result, it achieved an accuracy of 0.9916 and an IoU of 0.6057 in a shorter computing time than
last year’s. For future works, we are going to develop processes and methods for efficient quality
control and improvement as well as dissemination of the mapping outputs and implement those to
the system.
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