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Hydrology is getting important now because precipitation and flood are getting severe. However,
the accuracy of existing approaches in hydrology are not always sufficient for analysis or prediction.
The accuracy of analysis and predication should be improved. Deep learning methods are nowadays
getting popular in various research fields. This study used deep learning methods to improve the
resolution of sea surface temperature data. As the deep learning methods, SRCNN, RRDBNet, and
ESRGAN were selected. According to RMSE and error rates, RRDBNet showed the best results among
the three methods.
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