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In this project, we improved the efficiency of communication of RaNNC, automatic parallelization
middleware for training very large-scale neural networks, and tested RaNNC’s features using
TSUBAME. RaNNC automatically partitions a neural network for model parallelism. After we
performed comprehensive performance tuning using TSUBAME and our clusters, we compared
RaNNC with some existing frameworks. The experimental results showed that RaNNC can train
models five times larger than Megatron-LM, a well-known framework for training very large
neural networks with model parallelism, and RaNNC’s training throughputs are comparable to
Megatron-LM’s when training the same models. We also improved the robustness of RaNNC
though tests using TSUBAME and released the source code on GitHub.
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