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K 2: TERTFIEB L CIRETF RO LSRR, SR BIREEMHIE, PRFIZZNZHE SR/ MEIEF 215,

SR ROUGE-1 ROUGE-2 ROUGE-L ALp Params
P/R/F P/R/F P/R/F x10°

Transformer [6] 52.0 55.8/50.0/51.4 29.7/26.4/27.1 46.4/41.5/42.8 -3.3 72
Fan et al. (2018) [2] (Transformer Ver.)  94.0 57.7/51.2/52.7 31.1/27.4/28.2 48.0/42.4/43.9 -2.5 72
He et al. (2020) [4] (Transformer Ver.) 959 52.7/49.3/49.4 26.5/24.8/24.8 43.5/40.0/40.6  -1.2 72
DOG w/ dual-independent decoder 100.0 59.6/44.3/48.3  33.1/24.5/26.6 53.9/38.7/43.1  -5.8 106
DOG w/ dual decoder 100.0 60.3/47.5/51.5 32.9/25.8/27.9 50.9/40.1/43.6  -5.0 106
DOG w/ single decoder 100.0 59.3/47.9/51.4 31.9/25.6/27.5 50.0/40.2/43.3 -4.6 80
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