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A heterogeneous computation can engage both CPU and GPU parallelism at the same time, and
take advantage of all available processing power. But CPU peak performance and memory bandwidth
are at least 20 times lower than that of GPU, so simultaneous use of both CPU and GPU for
simulation may be inefficient. We propose a new temporal blocking algorithm of the LRnLA family
that can increase the efficiency of CPU parallelization so that the performance is on par with GPU.
The algorithm uses the data structure designed specifically to exchange data between subtasks

spanning space and time.
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