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Ultrasound Computed Tomography (USCT) is an emerging imaging technology that has received
significant attention for its promising capabilities for breast cancer screening. To reduce the effort
spent by radiologists we propose a deep learning model to predict the presence of breast tumors in a
USCT volume. We propose a convolutional neural network (CNN)-based classification model for
predicting if a USCT volume contains a tumor. We evaluated the model by an area under the
receiver operating characteristic curve (AUROC) in detecting USCT volumes containing a tumor.
The result suggests that the proposed model has a potential to reduce the workload of radiologists
in a clinical setting.
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